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Need-based segmentation has long been a tool used by marketers.  Dividing a mass market into smaller market segments, each of which has a distinct set of product or service needs, allows the marketer to focus his attention on those segments that can be best served, most efficiently, and most profitably.

Traditionally, need-based segmentation has been conducted using the answers to questions on consumers’ perceptions of the importance of product or service benefits.  However, marketers have come to understand that consumers don’t always express their needs, or at least not directly.  Therefore, the answers to importance questions can sometimes show a benefit as important that doesn’t really influence a purchase decision;  or, on the other hand, it can miss the real drivers of a decision.

Derived Importance Analysis was developed to combat this problem.  By using regression techniques to measure the association of consumers’ perceptions of product performance with their purchase decision behavior, Derived Importance can identify benefits that drive purchase decisions, even when consumers, for one reason or another, don’t acknowledge their importance directly.

One of the disadvantages of derived importance measures, however, has been that, since they are effectively regression output, they are aggregate in nature:   they apply to a sample as a whole, not to any given respondent.  As such, they are not segmentable.

Until now.

Renaissance Research & Consulting has developed a new segmentation technique, using state-of-the-art Latent Class Segmentation (LCS) techniques, which we call DRIVESEGSM .  This methodology can divide a sample of respondents into segments such that Derived Importance Analysis of each segment (on the same benefit list) would yield distinct profiles of derived importance weights from segment to segment.

To segment using DRIVESEG, one would need to obtain the same type of information needed for a simple Derived Importance analysis:  some outcome measure across brands (either brand choice, preference, or overall rating), and either monadic or relative ratings of brand performance on benefit attributes.

DRIVESEG requires that the performance items be uncorrelated with each other.  This is necessary both to insure the interpretability of the results, and to maximize the stability of the resulting clusters.  This can be achieved in either of two ways:

· Factor Analysis, which merges the individual items into broader, uncorrelated indicators (called factors).


· ItemSatsm, a technique that finds the “unique part” of every item, making the individual item set itself uncorrelated.

The performance factors and the outcome criterion are then used by DRIVESEG to sort the sample into homogeneous clusters.

DRIVESEG, like a k-means routine, is non-hierarchical.  Customarily, one would run a number of different solutions with varying numbers of clusters, to search for the optimal solution.  And, like a k-means routine, it is possible to repeat a given analysis with different random starts, as a test of the stability of a solution.

The output of DRIVESEG is also similar to that of a k-means analysis -- a cluster profile.  However, in this approach, what are being profiled are beta weights, rather than cluster means.  The beta weights are used to identify and interpret each DRIVESEG cluster in very much the same way that the cluster means are used in a traditional k-means cluster analysis;  they can also be used as an algorithm to ascribe the cluster solution to another sample, as well as to test the adequacy of the cluster separation.

And, once the best solution is identified, DRIVESEG produces a case identification vector that can be used for further descriptive profiling.

DRIVESEG produces segments that are valid and actionable.  It meets statistical (or “face”) criteria of validity, in that we have  demonstrated, over several different test samples, that it will produce segments which yield distinct profiles of beta weights if they are individually subjected to Derived Importance Analysis.  In addition, the segments also have convergent validity:  i.e., segments produced this way,  when profiled against other measures such as demographic background and external choice data, tend to yield results consistent with the meaning of the clusters.

For many applications, DRIVESEG can be an effective solution to a nagging problem:  how to segment on unexpressed product or service needs.  If you are currently wrestling with this problem, this may be an appropriate avenue to try;  we would be happy to explore it with you.

For further discussion, please call Paul M. Gurwitz, Ph.D., at 212-319-1833
